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Abstract. We re-discuss the well-known programs with holonomic con-
straints insisting on the following issues: (i) the Lagrange-dual problem
with weak respectively strong duality; (ii) the Wolfe-dual problem; (iii)
the topology of Lagrange multipliers; (iv) the interpretation of Lagrange
multipliers; (v) pertinent examples.
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1 Classical Lagrange and Wolfe
dual programs

In this Section, we re-discuss the well-known programs with holonomic constraints
insisting on the following issues [1], [3], [4]: (i) the Lagrange-dual problem with weak
respectively strong duality; (ii) the Wolfe-dual problem.

1.1 The Lagrange dual problem

Let D be a domain in Rn, let x = (x1, ..., xn) be a point in D and f : D → R and
gα : D → R be convex functions. Denote g = (gα) and we introduce the set

Ω = {x ∈ D | gα(x) ≤ 0, α = 1, ...,m} = {x ∈ D | g(x) � 0}.

A complete notation for this set is (Ω, g,�), but for short the sign � or the pair (g,�)
are suppressed in the notation. Let us consider the convex program

(P ) min
x
{f(x) |x ∈ Ω}.

The Lagrange function (or Lagrangian) of (P)

L(x, λ) = f(x) +

m∑
α=1

λαgα(x) = f(x)+ < λ, g >, x ∈ D,λ � 0
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is convex in x and linear in λ.
Remark We can create an original Riemannian geometry on the set of critical

points, using similar ideas we shall develop in a further 3.2.1.
For all λ � 0, the inequality

m∑
α=1

λαgα(x) ≤ 0, ∀x ∈ Ω

holds. Consequently

(1) L(x, λ) ≤ f(x), ∀x ∈ Ω, ∀λ � 0.

The equality holds iff (complementarity conditions)

λαgα(x) = 0 (for each α = 1, ...,m).

Let us introduce the Lagrange dual function

ψ(λ) = inf
x∈D
{f(x) +

m∑
α=1

λαgα(x), x ∈ D, λ � 0}.

This function ψ(λ) is concave, because it is a point-wise infimum of affine functions.
Indeed, using the linearity of L(x, λ) with respect to λ, and introducing λ1 � 0,
λ2 � 0, and 0 ≤ t ≤ 1, we have

ψ(tλ1 + (1− t)λ2) = inf
x∈D

L(x, tλ1 + (1− t)λ2)

= inf
x∈D

(tL(x, λ1) + (1− t)L(x, λ2)) ≥ inf
x∈D

(tL(x, λ1)) + inf
x∈D

((1− t)L(x, λ2))

= t inf
x∈D

L(x, λ1) + (1− t) inf
x∈D

L(x, λ2) = tψ(λ1) + (1− t)ψ(λ2).

Definition 1.1. The problem

sup
λ
{ψ(λ) |λ � 0}

is the so-called Lagrange dual problem of (P).

The Lagrange dual problem can be called convex because it is equivalent to the
convex problem

inf
λ
{−ψ(λ) |λ � 0}.

The Lagrange-dual problem is also defined in this way if (P) is not convex. The
following theorem holds also in that case.

Theorem 1.1. (weak duality) The dual function yields lower bounds of the initial
optimal value f∗, i.e., for any λ, we have ψ(λ) ≤ f∗. In other words,

sup
λ
{ψ(λ) |λ � 0} ≤ inf

x∈Ω
{f(x)}.
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Proof In the foregoing statements, we have the relation (1). Since Ω ⊂ D, for
each λ � 0, we find

ψ(λ) = inf
x∈D

L(x, λ) ≤ inf
x∈Ω

L(x, λ) ≤ inf
x∈Ω

f(x).

Thus the statement in the theorem is true.
The problem of finding the best lower bound on f∗ obtained from the Lagrange

dual function is called the Lagrange dual problem for the original or primal problem.
The optimal values may be different. However, they are equal if (P) satisfies the

Slater condition and has finite optimal value. This is the next result.

Theorem 1.2. (strong duality) If the program (P) satisfies the Slater condition
and has finite optimal value, then

sup
λ
{ψ(λ) |λ � 0} = inf

x∈D
{f(x) | g(x) � 0}.

Moreover, then the dual optimal value is attained.

Proof Denote by f∗ the optimal value of (P). Taking a = f∗ in the Convex Farkas
Lemma, it follows that there exists a vector λ∗ = (λ1∗, ..., λm∗) ≥ 0 such that

L(x, λ∗) = f(x) +

m∑
α=1

λα∗ gα(x) ≥ f∗, ∀x ∈ D.

Using the definition of ψ(λ∗) this implies ψ(λ∗) ≥ f∗. By the weak duality theorem,
it follows that ψ(λ∗) = f∗. This not only proves that the optimal values are equal,
but also that λ∗ is an optimal solution of the dual problem.

Remark Unlike in Linear Programming theory, the strong duality theorem cannot
always be established for general optimization problems.

2 Topology of Lagrange multipliers

The aim of this Section is to give some original results regarding the topology of
Lagrange multipliers set.

Let f : D ⊆ Rn → R and g : D ⊆ Rn → Rp, p < n, of class C2 with rank Jg = p
in D. Let L (x, λ) = f (x) + λ · g (x) , with λ ∈ Rp. We recall that

H (x, λ) = ∇f (x) + λ · ∇g (x) = 0

is the equation of critical points with respect to x of the Lagrange function.
Let A = {x | ∃λ cu H (x, λ) = 0} and B = {λ | ∃x cu H (x, λ) = 0} . Introduce

h : A → B such that H (x, h (x)) = 0. The function h is well defined since the
equation H (x, λ) = 0 is linear in λ (system with unique solution). Hence, for any
λ ∈ B, the set h−1 (λ) is non-void, and it consists of all critical points corresponding
to λ (set in which the nondegenerate critical points are isolated).

Proposition 2.1. Let λ0 ∈ B such that there exists x0 ∈ h−1 (λ0) with the property
that x0 is nondegenerate, i.e., the Hessian d2f (x0) + λ0 · d2g (x0) is nondegenerate.
Then h admits a differentiable section sλ0 : Iλ0 → A.



Topology of Lagrange multipliers 87

Proof. Since ∂H
∂x (x0, λ0) = d2f (x0) + λ0 · d2g (x0) is non-degenerate, by hypothesis,

there exists a neighborhood Iλ0 of λ0 and a differentiable function sλ0 : Iλ0 → A such
that H (sλ0

(λ) , λ) = 0, ∀λ ∈ Iλ0
and sλ0

(λ0) = λ0. Moreover, the function sλ0
is

unique, with these properties. �

For any λ ∈ B, let Sλ be the set of all sections of h defined in a neighborhood of
λ, set which is eventually void.

Remark 2.1. (i) If h−1 (λ) contains at least one nondgenerate critical point, then
Sλ is non-void. If h−1 (λ) does not contain degenerate critical points, then the sets
h−1 (λ) and Sλ have the same cardinal and are discrete sets.

(ii) The set C =
{
λ ∈ B | Sλ 6= f� }

is open.

In the following, we suppose that the set Sλ is finite, for any λ ∈ B. We can define
f∗ : B → R by f∗ (λ) = maxs∈Sλ f (s (λ)) , if Sλ 6= f� and f∗ (λ) = −∞, if Sλ = f� .

Proposition 2.2. (i) For any λ ∈ B, we have

f∗ (λ) ≤ supx∈h−1(λ) f (x) .

(ii) If h−1 (λ) does not contain degenerate critical points, then

f∗ (λ) = supx∈h−1(λ) f (x) = maxx∈h−1(λ) f (x) .

Proof. (i) Let s0 ∈ Sλ cu f (s0 (λ)) = maxs∈Sλ f (s (λ)) = f∗ (λ) . Since s0 (λ) ∈
h−1 (λ) , it follows that f∗ (λ) ≤ supx∈h−1(λ) f (x) .

(2) By hypothesis, the sets Sλ şi h−1 (λ) have the same cardinal, hence h−1 (λ)
is finite. Let y0 ∈ h−1 (λ) with f (y0) = maxx∈h−1(λ) f (x) . Since (y0, λ) is a non-
degenerate critical point, there exists s1 ∈ Sλ with s1 (λ) = y0. Then, it follows
that

max
s∈Sλ

f (s (λ)) ≥ f (y0) = max
x∈h−1

(λ) f (x) .

�

Proposition 2.3. Let λ0 ∈ B such that h−1 (λ0) does not contain degenerate critical
points. Suppose, also, that f |h−1(λ0) is injective. Then there exists s0 ∈ Sλ0

, s0 :
I0 → A such that f∗ (λ) = f (s0 (λ)) , for any λ ∈ I0.

Proof. Let s0 ∈ Sλ0
, s0 : I0 → A such that f∗ (λ0) = f (s0 (λ0)) . Then f∗ (λ0) =

f (s0 (λ0)) > f (s (λ0)) , ∀s ∈ Sλ0 , s : Is → A. Since f is continuous and the set Sλ0

is finite, it follows that we can restrict the neighborhood I0 such that f (s0 (λ)) >
f (s (λ)) , ∀λ ∈ I0,∀s ∈ Sλ0

, i.e., f∗ (λ) = f (s0 (λ)) ,∀λ ∈ Sλ0
. �

3 The meaning of Lagrange multiplier

In our mostly geometrical discussion, λ is just an artificial variable that lets us com-
pare the directions of the gradients without worrying about their magnitudes. To
express mathematically the meaning of the multiplier, we write the constraint in the
form g(x) = c for some constant c. This is mathematically equivalent to our usual
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g(x) = 0, but allows us to easily describe a whole family of constraints. For any given
value of c, we can use Lagrange multipliers to find the optimal value of f(x) and the
point where it occurs. Call that optimal value f∗, occurring at coordinates x0 and with
Lagrange multiplier λ0. The answers we get will all depend on what value we used
for c in the constraint, so we can think of these as functions of c : f∗(c), x0(c), λ0(c) .
Of course, f(x) only depends on c because the optimal coordinates x0 depend on c:
we could write it as f∗(c).

To find how the optimal value changes when we change the constraint, just take
the derivative

df∗
dc

=
∂f∗
∂xi0

dxi0
dc

= ∇f∗ ·
dx0

dc
.

Use the equation of critical points to substitute ∇f∗ = −λ0∇g0 and obtain

df∗
dc

= −λ0∇g0 ·
dx0

dc
= −λ0

dg0

dc
.

But the constraint function g0 = g(x0(c)) is always equal to c, so dg0/dc = 1. Thus,
df∗/dc = −λ0. That is, the Lagrange multiplier is the rate of change of the optimal
value with respect to changes in the constraint.

Of course, f∗ depends on c through of λ, and then
df∗
dc

=
df∗
dλ

dλ

dc
. We can define

c(λ) by Cauchy problem

(EC)
dc

dλ
= − 1

λ

df∗
dλ

, c(λ0) = 0 .

Then another Lagrange dual function may be

(LDF ) ϕ(λ) = f∗(x0(λ)) + λ c(λ) .

Proposition If optimum points are critical points, both Lagrange dual functions
give the same solution. Hence strong duality holds.

Proof Indeed, using (EC) we have

ϕ′(λ) =
df∗
dλ

+ c(λ) + λ
dc

dλ
= c(λ)

and ϕ′(λ) = 0 implies c(λ) = 0, that is for λ0.
Often the Lagrange multiplier have an interpretation as some quantity of interest:
(i) λ is the rate of change of the quantity being optimized as a function of the

constraint variable since ∂L
∂c = λ;

(ii) by the envelope theorem the optimal value of a Lagrange multiplier has an
interpretation as the marginal effect of the corresponding constraint constant upon
the optimal attainable value of the original objective function: if we denote values at
the optimum with an asterisk, then it can be shown that

d

dc
f∗ =

d

dc
f(x(c)) = λ∗.

For details regarding classical theory of programs see [1], [3], [4].
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If we have more constraints gα(x) = cα , α = 1, ...,m, then the Lagrange function
is L(x, λ) = f(x) +

∑m
α=1 λα(gα(x)− cα) and the system of critical points is

∂f

∂xi
+

m∑
α=1

λα
∂gα
∂xi

= 0 .

Because the optimal coordinates x0 and the optimal value f∗ depend on vector c,
taking the derivatives we have

∂f∗
∂cα

=
∂f∗
∂xi0

∂xi0
∂cα

= −
m∑
β=1

λ0
β

∂gβ
∂xi0

∂xi0
∂cα

= −
m∑
β=1

λ0
β

∂gβ
∂cα

= −
m∑
β=1

λ0
β δαβ = −λ0

α .

Then we can define c(λ) by the partial differential system, with initial condition,
written in matrix language as

(EC) [λ1 ... λm]

 ∂c1
∂λ1

... ∂c1
∂λm

... ... ...
∂cm
∂λ1

... ∂cm
∂λm

 = −
[
∂f∗
∂λ1

...
∂f∗
∂λm

]
, c(λ0) = 0 .

Then another Lagrange dual function may be

(LDF ) ϕ(λ) = f∗(x0(λ)) +

m∑
α=1

λα cα(λ) .

Deriving the β-th equation with respect to λα and the α-th equation with re-
spect to λβ , in the previous system, we obtain the complete integrability conditions
∂cα
∂λβ

=
∂cβ
∂λα

(symmetric Jacobian matrix); consequently c(λ) is the gradient of a

scalar function, namely the Lagrange dual function ϕ(λ).
Moreover, the previous square matrix being a symmetrical one, we can write the

equation (EC) as

[λ1 ... λm]


∂c1
∂λ1

...
∂cm
∂λ1

... ... ...
∂c1
∂λm

...
∂cm
∂λm

 = −
[
∂f∗
∂λ1

...
∂f∗
∂λm

]
.

Consequently, in a regular case, we have the following situation: Solving a con-
strained optimum problem we obtain the optimal value as f∗ = f(c1, ..., cm). For the
dual problem we use a f∗ = f(λ1, ..., λm). If the correspondence between (c1, ..., cm)
and (λ1, ..., λm) is like a change of variables there hold the relations:

gradc f∗ = −λ ; c′(λ)λ = −gradλ f∗ , c′(λ) ∈ L(Rm, Rm) .

4 Examples and counter-examples

We solve pertinent examples of constrained optimization problems.
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Figure 1: Geometry of Lagrange duality

(1) Let us consider the functions f(x, y) = x2 + y2 and g(x, y) = x2 + y2− 2x and
the problem

min f(x, y) constrained by g(x, y) = c, c ≥ −1.

The Lagrange function of this problem is

L(x, y, λ) = x2 + y2 + λ(x2 + y2 − 2x− c).

The critical points of the partial function (x, y) → L(x, y, λ) are the solutions of the
system

1

2

∂L

∂x
= x+ λx− λ = 0,

1

2

∂L

∂y
= y + λy = 0.

It follows x = λ
λ+1 , y = 0 and hence f∗ =

(
λ
λ+1

)2

. On the other hand, by restriction,

in critical points, we have the relation(
λ

λ+ 1

)2

− 2
λ

λ+ 1
= c.

It follows
df∗
dc

=
df∗
dλ

1
dc
dλ

and finally, we obtain the geometrical interpretation df∗
dc = −λ.

The dual function is

ψ(λ) = L(x(λ), y(λ), λ) = − λ2

λ+ 1
− λc.

The value ψ(λ) is a minimum for λ > −1 and a maximum for λ < −1, in the initial
problem. The condition of extremum (critical point), ψ′(λ) = 0, is equivalent to
(c+ 1)(λ+ 1)2 = 1 and the dual problem has the same solution as the primal one.



Topology of Lagrange multipliers 91

On the other hand the equation (EC) for this problem is

dc

dλ
= − 1

λ

d

dλ

(
λ

λ+ 1

)2

, c(λ0) = 0 , where λ0 + 1 = ± 1√
c+ 1

.

We find c(λ) =
1

(λ+ 1)2
− 1− c and the dual Lagrange function

ϕ(λ) =

(
λ

λ+ 1

)2

+ λ

(
1

(λ+ 1)2
− 1− c

)
= ψ(λ)

as the above one.
The Geometry of Lagrange duality is suggested in Fig. 1.
(2) A problem with two constraints Solve the following constrained optimum

problem:
f(x, y, z) = xyz = extremum

constrained by

g1(x, y, z) = x+ y − a = 0, g2(x, y, z) = xz + yz − b = 0 .

The Lagrange function is

L(x, y, z, λ, µ) = xyz + λ(x+ y − a) + µ(xz + yz − b)

and the feasible solution of the problem is, only,

x = y =
a

2
= −2µ , z =

b

a
=
λ

µ
, λ = − b

4
, µ = −a

4
,

f∗ =
ab

4
= 4λµ .

The Lagrange dual function is ψ(λ, µ) = −4λµ− aλ− bµ .
The partial differential system which defines c1(λ, µ) and c2(λ, µ) becomes, in this

case,

(EC) [λ µ]


∂c1
∂λ

∂c1
∂µ

∂c2
∂λ

∂c2
∂µ

 = −[4µ 4λ] , c1

(
− b

4
,−a

4

)
= c2

(
− b

4
,−a

4

)
= 0 .

Taking into account that
∂c1
∂µ

=
∂c2
∂λ

, we obtain two quasilinear PDEs

λ
∂c1
∂λ

+ µ
∂c1
∂µ

= −4µ, λ
∂c2
∂λ

+ µ
∂c2
∂µ

= −4λ ,

with solutions, respectively

c1(λ, µ) = −4µ+ α

(
λ

µ

)
, c2(λ, µ) = −4λ+ β

(
λ

µ

)
,
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α , β arbitrary functions. The condition
∂c1
∂µ

=
∂c2
∂λ

is verified, for instance, if α and

β are constant functions. Using the initial conditions, we find finally

c1(λ, µ) = −4µ− a , c2(λ, µ) = −4λ− b ,

ϕ(λ, µ) = 4λµ+ λ(−4µ− a) + µ(−4λ− b) = ψ(λ, µ) .

(3) A strange problem Solve the following constrained optimum problem:

f(x, y, z) = xyz = extremum

constrained by
g1(x, y, z) = x+ y + z − a = 0 ,

g2(x, y, z) = xy + xz + yz − b = 0 .

So the Lagrange function is

L(x, y, z, λ, µ) = xyz + λ(x+ y + z − a) + µ(xy + xz + yz − b)

and one from the solutions of the problem is, for instance,

µ =
−a−

√
a2 − 3b

3
, λ =

2a2 − 3b+ 2a
√
a2 − 3b

9
= µ2 ,

x = y =
a+
√
a2 − 3b

3
= −µ , z =

a− 2
√
a2 − 3b

3
= a+ 2µ ,

with the extremum value

f∗ =
1

27

(
−2a3 + 9ab− 2(a2 − 3b)3/2

)
= λ(a+ 2µ) ,

only if a2 − 3b ≥ 0.
Remark Another solution of the problem is

µ =
−a+

√
a2 − 3b

3
, ... and so on

with the extremum value

f∗ =
1

27

(
−2a3 + 9ab+ 2(a2 − 3b)3/2

)
= λ(a+ 2µ) .

The interval [f∗ , f
∗] solves the following algebraic problem: Find the real numbers

m such that the equation t3 − at2 + bt−m = 0, a, b ∈ R, has tree real roots.
It is easily to verify that

∂

∂a
f∗(a, b) = −λ and

∂

∂b
f∗(a, b) = −µ .

On the other hand,
∂(λ, µ)

∂(a, b)
= 0 and f∗ cannot be expressed as function of λ

and µ only. Then we have to consider f∗ = f∗(a, b, λ(a, b), µ(a, b)) and the following
relations

−λ = Daf∗ =
∂f∗
∂a

+
∂f∗
∂λ

∂λ

∂a
+
∂f∗
∂µ

∂µ

∂a
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−µ = Dbf∗ =
∂f∗
∂b

+
∂f∗
∂λ

∂λ

∂b
+
∂f∗
∂µ

∂µ

∂b

which is easily to verify also (here D. is an operator of total derivative.)
Question Which is the dual Lagrange function ψ(λ, µ) in this case?
Solving the system of the critical points with respect to x, y and z we find, for

instance, x = y = −µ, z undeterminate and λ = µ2. With these, one obtains the dual
Lagrange function

ψ(λ, µ) = χ(µ) = −µ3 − aµ2 − bµ .

Remark Although z is undeterminate, the dual Lagrange function does not de-

pend upon z, because with the above solutions the derivative
∂L

∂z
vanishes identically.

The critical points condition for the dual Lagrange function

dχ

dµ
= −(3µ2 + 2aµ+ b) = 0

gives us the same solutions as in primal problem.
Open problem How it means and how we find the functions c1 and c2 in the

situation, like this, when
∂(λ, µ)

∂(a, b)
= 0 ?

(4) Let us consider the functions f(x, y) = x2 + y2 and g(x, y) = x + y, with
(x, y) ∈ R2, and the problem

min f(x, y) constrained by g(x, y) ≥ 1.

The Lagrange function is

L(x, y, λ) = x2 + y2 + λ(1− x− y), (x, y) ∈ R2, λ ≥ 0.

The function (x, y)→ L(x, y, λ) is convex. Consequently, it is minimal iff

∂L

∂x
= 0,

∂L

∂y
= 0.

This holds if x = λ
2 , y = λ

2 . Substitution gives

ψ(λ) = λ− λ2

2
, λ ≥ 0.

The dual problem maxψ(λ) has the optimal point λ = 1. Consequently, x = y = 1
2

is the optimal solution of the original (primal) problem. In both cases the optimal
value equals 1

2 , i.e., at optimality the duality gap is zero!
(5) Let us solve the program

minx subject to x2 ≤ 0, x ∈ R.

This program is not Slater regular. On the other hand, we have

ψ(λ) = inf
x∈R

(x+ λx2) =

{
− 1

2λ for λ > 0
−∞ for λ = 0.
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Obviously, ψ(λ) < 0 for all λ ≥ 0. Consequently, sup{ψ(λ) |λ ≥ 0} = 0. So the
Lagrange-dual has the same optimal value as the primal problem. In spite of the lack
of Slater regularity there is no duality gap.

(6) (Example with positive duality gap) We consider the program

min e−y subject to
√
x2 + y2 − x ≤ 0, (x, y) ∈ R2.

Here the feasible region is Ω = {(x, y) ∈ R2 |x ≥ 0, y = 0}. Consequently this
program is not Slater regular. The optimal value of the objective function is 1. The
Lagrange function is

L(x, y, λ) = e−y + λ(
√
x2 + y2 − x).

The Lagrange dual program can be written in the form

supψ(λ) subject to λ ≥ 0.

Note that L(x, y, λ) > 0 implies ψ(λ) ≥ 0. Now let ε > 0. Fixing y = − ln ε and

x = y2−ε2
2ε , we find

√
x2 + y2 − x = ε and

L(x, y, λ) = (1 + λ)ε.

In this way,
ψ(λ) = inf

(x,y)∈R2
L(x, y, λ) ≤ inf

ε>0
(1 + λ)ε = 0.

On the other hand, we also have ψ(λ) ≥ 0, and consequently the optimal value of the
Lagrange dual program is 0, and hence the minimal duality gap equals 1. Of course,
here we have no strong duality here.

5 The Wolfe-dual problem

The Lagrange dual program can be written in the form

sup
λ≥0
{ inf
x∈D
{f(x) +

m∑
α=1

λαgα(x)}}.

Assume that D = Rn and the functions f, g1, ..., gm are continuously differentiable
and convex. For a given λ ≥ 0 the inner minimization problem is convex, and we can
use the fact that the infimum is attained if and only if the gradient with respect to x
is zero.

Definition 5.1. The problem

(WP ) sup
x,λ
{f(x) +

m∑
α=1

λαgα(x)}

subject to

∂f

∂xi
(x) +

m∑
α=1

λα
∂gα
∂xi

(x) = 0, λ ≥ 0

is called the Wolfe dual of the program (P).
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Obviously, the constraints in Wolfe dual are usually nonlinear. In such cases the
Wolfe-dual is not a convex program.

The Wolfe dual has the weak duality property.

Theorem 5.1. (weak duality property) Suppose that D = Rn and the functions
f, g1, ..., gm are continuously differentiable and convex. If x̂ is a feasible solution of
(P) and (x̄, λ̄) is a feasible solution for (WP), then

L(x̄, λ̄) ≤ f(x̂).

In other words, weak duality holds for (P) and (WP).

5.1 Example

(1) Let us consider the convex program

min
x,y

x+ ey subject to 3x− 2ey ≥ 10, y ≥ 0, (x, y) ∈ R2.

Then the optimal value is 5 with x = 4, y = 0. The Wolfe dual of this program is

sup
x,y,λ
{x+ ey + λ1(10− 3x+ 2ey)− λ2y}

subject to
1− 3λ1 = 0, ey + 2eyλ1 − λ2 = 0, (x, y) ∈ R2, λ ≥ 0.

Obviously, the Wolfe dual program is not convex. It follows λ1 = 1
3 and the second

constraint becomes 5
3e
y − λ2 = 0. Eliminating λ1, λ2 from the objective function, we

find

g(y) =
5

3
ey − 5

3
y ey +

10

3
.

This function has a maximum when g′(y) = 0, i.e., y = 0 and f(0) = 5. Hence the
optimal value of (WP) is 5 and then (x, y, λ1, λ2) = (4, 0, 1

3 ,
5
3 ).

Remark The substitution z = ey ≥ 1 makes the problem linear.

6 Minimax inequality

For any function φ of two vector variables x ∈ X, y ∈ Y , the minimax inequality

max
y∈Y

min
x∈X

φ(x, y) ≤ min
x∈X

max
y∈Y

φ(x, y)

is true. Indeed, start from

∀x, y : min
x′∈X

φ(x′, y) ≤ max
y′∈Y

φ(x, y′)

and take the minimum over x ∈ X on the right-hand side, then the maximum over
y ∈ Y on the left-hand side.

Weak duality is a direct consequence of the minimax inequality. To see this, start
from the unconstrained formulation of Lagrange, and apply the above inequality,
with φ = L the Lagrangian of the original problem, and y = λ the Lagrange vector
multiplier.
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[16] C. Udrişte, O. Dogaru, I. Ţevy, Sufficient Conditions for Extremum on Dif-
ferentiable Manifolds, Sci. Bull., Polytechnic Institute of Bucharest, Electrical
Engineering, vol. 53, no. 3-4 (1991), 341-344.
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[29] Gh. Vrănceanu, Leçons de Geometry Differentielle, Editions de l’Academie
Roumaine, Bucarest, 1957-1975.

Authors’ address:

Constantin Udrişte, Mădălina Constantinescu, Ionel Ţevy and Oltin Dogaru
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